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Classification

Identifying which category an object belongs to.

Dimensionality reduction

Reducing the number of random variables to
consider.
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Regression

Predicting a continuous-valued attribute
associated with an object.

Boosted Decision Tree Regression
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Model selection

Comparing, validating and choosing parameters
and models.
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Clustering

Automatic grouping of similar objects into sets.

K-means clustering on the digits dataset (PCA-reduced data)
Centroids are marked with white cross

Preprocessing

Feature extraction and normalization.




Y-profilen “datadriven analys och maskinintelligens” (Y-DAMI)

Huvudomrade: datateknik
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Modellbygge utifran fysikaliska samband.

Differential- och differensekvationer. Pt s
Differentialalgebraiska (DAE-) modeller.

Blackboxmodeller. Neurala natverk.
Identifiering: Frekvens och transientanalys.
Korrelations- och spektralanalys.
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I Oversikt av maskininldrningsomradet + tilldmpningar

I Unsupervised och supervised learning

I Prediktion. Klassificering.

I Nearest neighbors. Naive Bayes. Diskriminantanalys. Korsvalidering. Modellval.
I Overanpassning. Bootstrap. Regression. Regularisering.
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Ridge regression. Lasso. Input data Nearest Neighbors
Dimensionsreducering. PCA. ICA. o)
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Support vector machines. Beslutstrad. o ;-:::,-,:.:';::
Gaussiska processer. Mixture models. RS
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Det finns tva projektkurser att valja mellan: TSBB22 och TSKS25. De obligatoriska profilkurserna i ak 4 ger de

forkunskaper som behovs.

For er som vill valja TSBB22, ar det onskvart (men inte tvunget) att aven lasa nagon av kurserna TSBB0o8, TSBB0o,
TSBKo7, TBMI26, TSBB15 eller TSBB19. Flera av dessa ar valbara profilkurser, och de andra kan valjas fran det helt

valfria kursutbudet pa Y.
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Detection and tracking of an object using SDR
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Signal Processing
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Ny Chatt

Vad kan jag hjdlpa dig med?

Vilkommen till Ostergétlands Supportfinder - din guide
till regionalt foretagsstod!

etaq. Beskriv kort 1 din verksamhet
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